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   The concept of Massive Open Online Courses (MOOCs) has been gaining popularity over the 
past few years even in developing countries. Thailand, focusing on digitalization, introduced its own 
MOOC platform in 2017. The purpose of this study is to deepen the understanding of the current 
state of acceptance of online courses as an e-learning tool in its introductory stage in Thailand. 
This paper evaluates the factors relating to technology acceptance for highly-educated 
Thais using the Technology Acceptance Model (TAM) with two extension variables in self-efficacy 
and word-of-mouth. Two products were chosen for analysis, online courses as the focus, and also 
online tutorial videos as an anchor as both products share similar traits as an e-learning tool.  
The author hypothesizes positive relationship between the extended variables of 
self-efficacy and word of mouth to the perceived ease of use and perceived usefulness of the 
e-learning products. In addition, the paper also examines the potential relationship between word of 
mouth and self-efficacy with the hypothesis that word of mouth is positively related to self-efficacy. 
Comparison of the relative effects word of mouth with other factors between different products was 
also investigated. 
 These hypotheses were tested using data collected from 54 Thai respondents through 
online surveys. The results of the analysis support that self-efficacy is positively related to perceived 
  
 
usefulness and perceived usefulness is positively related to behavioral intent, consistent with 
empirical evidence. However, in contrast with empirical evidence, the significance of perceived ease 
of use towards perceived usefulness and behavioral intent was not supported for both products. With 
regards to word of mouth, results showed positive and significant relationship with self-efficacy for 
both products. However, the relationship with perceived usefulness was not supported for both 
products and significant positive relationship with perceived ease of use was only identified for 
online courses and not for online tutorial videos. The hypothesis of a difference in magnitude of 
effect of word of mouth between the two products was also not supported. 
 This paper adds to existing research by bridging extension factors of the TAM from two 
different streams of research, individual characteristics in self-efficacy and marketing influence in 
word of mouth. The results shows not only how they affect the TAM variables but also how both 
factors relate with each other. The practical implications from the results suggests that the Thai 
government or online learning providers in Thailand should focus on building self-efficacy through 
developing infrastructure to allow more exposure to online learning. Additionally, self-efficacy can 
also be improved through word of mouth and therefore promoting learning in existing social groups 








I would like to express my sincerest thanks to Professor Kawakami, Tomoko, of Waseda 
University for her guidance and encouraging words throughout the course of writing this paper. Her 
expert advice and understanding was invaluable for the completion of this paper. 
I would also thank all my zemi members for their support and encouragement throughout 
the process of writing this thesis. Their support gave me confidence and strength to complete this 




< MBA Degree Thesis > 
 
TECHNOLOGY ACCEPTANCE OF ONLINE LEARNING IN 
THAILAND: A COMPARISON OF EXISTING AND NEWLY 
INTRODUCED ONLINE LEARNING METHODS 
 
57160531-5 ADIS PUANGCHOMPOO 
MARKETING AND NEW MARKET CREATION 
C.E. PROF. KAWAKAMI, TOMOKO 
D.E. IRIYAMA, AKIE   D.E. KIMURA, TATSUYA
 i 
 
Table of Contents 
CHAPTER 1. INTRODUCTION ................................................................................... 1 
CHAPTER 2. ONLINE TEACHING MARKET IN THAILAND .................................. 3 
SECTION 1. THAILAND’S EDUCATION SYSTEM AND TECHNOLOGY ................................. 3 
SECTION 2. MASSIVE OPEN ONLINE COURSES IN THAILAND ........................................ 4 
CHAPTER 3. LITERATURE REVIEW ......................................................................... 6 
SECTION 1. E-LEARNING ................................................................................................. 6 
3.1.1. Definition of E-learning ................................................................................. 6 
3.1.2. Benefits of E-Learning ................................................................................... 7 
3.1.3. Factors Influencing Effectiveness of E-learning .......................................... 7 
SECTION 2. MODELS AND THEORIES FOR PREDICTING BEHAVIOR ................................ 9 
3.2.1. Theory of Planned Behavior .......................................................................... 9 
3.2.2. Technology Acceptance Model ..................................................................... 10 
3.2.3. Comparison between the Theory of Planned Behavior and TAM ............. 11 
SECTION 3. EXTENSION VARIABLES IN E-LEARNING ACCEPTANCE ............................... 12 
3.3.1. Self-Efficacy .................................................................................................. 12 
3.3.2. Subjective Norms ......................................................................................... 13 
3.3.3. Experience and Computer Anxiety ............................................................. 13 
3.3.4. Word of Mouth .............................................................................................. 14 
SECTION 4. SUMMARY ................................................................................................... 15 
CHAPTER 4. THEORETICAL MODEL AND HYPOTHESIS .................................... 16 
SECTION 1. THEORETICAL MODEL ............................................................................... 16 
SECTION 2. HYPOTHESIS .............................................................................................. 17 
4.2.1. Original TAM Variables ............................................................................... 17 
4.2.2. Self-Efficacy .................................................................................................. 17 
 ii 
 
4.2.3. Word of Mouth and Self-Efficacy ................................................................ 18 
4.2.4. Word of Mouth to TAM variables ................................................................ 18 
4.2.5. Relative Impact of Word of Mouth with regards to Product Type ............ 19 
CHAPTER 5. RESEARCH METHODOLOGY ............................................................. 20 
SECTION 1. RESEARCH METHODOLOGY ....................................................................... 20 
SECTION 2. SCALE DEVELOPMENT ............................................................................... 21 
SECTION 3. DATA COLLECTION ..................................................................................... 22 
CHAPTER 6. RESULTS ............................................................................................... 26 
SECTION 1. MEASUREMENT MODEL ............................................................................. 26 
SECTION 2. HYPOTHESIS TESTING ............................................................................... 27 
CHAPTER 7. DISCUSSION AND IMPLICATIONS ................................................... 31 
SECTION 1. DISCUSSION OF RESULTS ........................................................................... 31 
SECTION 2. MANAGERIAL IMPLICATIONS ..................................................................... 33 
SECTION 3. ACADEMIC IMPLICATIONS AND FUTURE RESEARCH.................................. 34 
REFERENCES ................................................................................................................ 37 
APPENDIX A ................................................................................................................... 43 
APPENDIX B: SURVEY QUESTION FULL-LIST ......................................................... 44
 1 
 
CHAPTER 1. INTRODUCTION  
Education in the past decade has been greatly influenced by the introduction of various new 
technology. The internet along with increased accessibility has provided a great library of knowledge 
for students around the globe. Computing capabilities and software applications have also simplified 
tedious tasks for both students and teaching staff allowing schools to provide a better fluid 
environment for learning. Additionally, learning through electronic media is becoming increasingly 
popularized even in developing countries. 
The size of the e-learning market was 165.36 million US dollars worldwide in 2014, and 
there was increasing acceptance for the inclusion of digital devices and software to assist traditional 
learning from both students and institutions (Statista, 2018). Additionally, Statista (2018) reports that 
there is increased interest in online courses with 49% of students stating that they have taken an 
online course in the last 12 months in 2015. However, with regards to Massive Open Online Courses 
(MOOCs), 73% of students are unaware that such products exist, with only 9% of students reporting 
that they have taken an MOOC within 12 months (Statista, 2018).  
Regardless, there has been an increase in interest and investment in the MOOC especially 
those provided by universities. The total number of universities providing MOOCs increased from 
570 universities in 2016 to 709 universities, a 24% increase, in 2017 (Online Course Report, 2018). 
The popular MOOC platform edX reports steady growth between summer 2012 and fall 2016 with 
2.4 million unique participants during the period and an average of 1554 new participants daily 
(Chuang & Ho, 2016). This suggests that MOOCs will play a major part in shaping the education 
system in the close future. 
In Thailand, there have been increased efforts to incorporate information and 
communication technology (ICT) in education. This is evident in recent development plans by the 
ministry of education (OECD/UNESCO, 2016). In 2017, Thailand launched its own MOOC 
platform co-operating with universities across the country in order to promote greater access to 
education to people across the country (ThaiMOOC, 2017). However, past investments in education 
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had not lead to expected results. For example, Thailand spent 18.9% of its total budget on education 
in 2014, well above the global average of 14.4%, however, the results from this amount of 
investment had not turn into significant improvement as would be expected (Oxford Business Group, 
2017). This suggests that there may be problems not only from the side of providers of education, 
where the government has put effort in increasing investments, but also possibly the side of the 
receiver of education as well. Therefore, it may be valuable to evaluate factors which may influence 
technology acceptance from the user side as well when trying to introduce new technology such as 
online courses to the public. 
This paper investigates the attitudes towards online courses of students in Thailand using an 
adapted model of the Technology Acceptance Model (TAM) introduced by Fred Davis in 1986. The 
paper investigates this using an extension of the original TAM on two products, online tutoring 
videos and online courses. Understanding the variability between the two products could point out 
areas of interest towards promoting MOOCs towards a larger audience and pinpoint areas which 
may obstruct technology acceptance. 
The remainder of this paper is organized as follows. The following chapter first explores the 
historical background of Thailand’s effort in improving education and the introduction of MOOCs 
followed by a section reviewing existing studies in literature relevant to the study. The literature 
review is then followed by sections on the proposed theoretical model and research hypotheses. The 
data collection process and results of the research is then presented. The final section discusses the 
results and provides implications from the study as well as highlight limitations and areas of interest 




CHAPTER 2. ONLINE TEACHING MARKET IN THAILAND 
Before exploring theoretical issues, it may be valuable to first look at the situation regarding 
Thailand’s education system and the market situation of online teaching in Thailand. The following 
chapter provides insight into the background of Thailand’s education system and also the context of 
the market that this study is conducted in. 
Section 1. THAILAND’S EDUCATION SYSTEM AND TECHNOLOGY 
The policy around education in Thailand can be separated in two phases. The initial phase 
which started in 1984, introduced computers to the classroom and provided courses focusing on 
basic operating skills. Over the years, the courses were adjusted to adapt to developing technological 
capabilities of students reactionary to technological advancements (OECD/UNESCO, 2016). 
The second phase started after the publication of the 2001 Second Information Technology 
in Education Study which showed that the use of ICT in primary and secondary education in 
Thailand has been below international averages (OECD/UNESCO, 2016). Recent plans focused on 
increasing accessibility and infrastructure while also increase exposure both in and out of classrooms 
(OECD/UNESCO, 2016). 
Despite efforts in trying to incorporate ICT into the education system, there is evidence that 
Thai students are not performing to global averages. In 2013, the International Computer and 
Information Literacy Study (ICILS), a test for 14 years old students on their digital skills, reported 
that 64% of Thai students were below average in ICT proficiency and had lower confidence in 
performing ICT tasks (OECD/UNESCO, 2016). 
UNESCO (2016) reports that Thailand’s weak performance include problems with 
infrastructure, lack of digital material, lack of capable teachers who can effectively incorporate ICT 
in the classroom and lack of monitoring capabilities and recommends improvements in these areas. 
The areas UNESCO suggests that Thailand should look to improve is consistent with empirical 
research on factors required to successful implementation of e-learning (Bhuasiri et al. 2012). 
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Additionally, since Thailand wants to move rapidly towards a digital economy with recent plans 
announced for digital government transformation (Bhunia, 2018), the need for introducing digital 
education platform, which is accepted by the population, becomes a challenge for the country. 
Section 2. ONLINE EDUCATION IN THAILAND 
The early providers of online courses by Thai universities could be tracked back to 2005 
with Assumption University providing the first international online course and Rangsit University 
providing the first online course using the Thai language (Khaopa, 2012). In the same year, the Thai 
Cyber University project (TCU) was established with the mission to expand educational 
opportunities. This was done through increasing cooperation between local and international 
universities through the use of internet and through increased efforts in improving the quality of 
distance learning (Sombuntham & Theeraroungchaisri, 2006). Other projects involving online 
learning includes, Distance Learning Information Technology (DLIT) which looks to provide better 
accessibility to distance learning  (DLIT, 2015) and Thai Open Education Resources (Thai OEC) 
which provides an online source for education materials under open license (ITU, 2015). 
 However, in the early stages, the promotion of online learning faced various problems. For 
example, the Massive Open Online Courses (MOOCs) project in Thailand, which started as early as 
2008, was slowed due to not only the lack of ICT infrastructure, but also additional issues relating to 
the teaching and learning culture in Thailand (Thaipisutikul & Tuarob, 2017). Thaipisutikul and 
Tuarob (2017) suggests that Thai teachers are more conservative and may not be willing to share 
their teaching techniques online, or in some cases, teachers may use unconventional methods to 
attract student attention which they do not want to make accessible to public. From the learner’s 
perspective, MOOCs may be a mismatch to some fields of study and also a mismatch to the 
motivation or purpose of the user for using the platform (Thaipisutikul & Tuarob, 2017). 
 However, there was growing interest in the field of online education throughout the world. 
As a result, a platform for online lifelong learning in Thailand was developed through a collaborative 
effort between the National Science and Development Agency (NSDA), the Office of Basic 
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Education Commission (OBEC), the Office of Basic Education Commission (OHEC) and the Office 
of the permanent secretary of the Ministry of Education (Rujivanarom, 2015). This project combines 
the resources of various online learning related projects including DLIT, Thai OEC and ThaiMOOC 
with the purpose of promoting continuous, lifelong learning (Rujivanarom, 2015). 
 As a result of the collaboration, in March 2017, Thailand was able to launch a nationwide 
MOOC platform collaborating with universities around the country under the Thailand Digital 
Economy movement (ThaiMOOC, 2017). The introduction of Massive Open Online Courses 
(MOOCs) does alleviate some issues that exist in the Thai education system. For example, breaking 
the classroom mold provides a platform for education where ICT trained teachers are not a big 
obstacle towards effective education. However, it is important to note that ThaiMOOC is not the 
only option for online learning for Thais. For example, Thammasat University provides some online 
courses internally through TULIBS MOOC, Mahidol University provides MUX as an option for 
those looking for private online courses, and those with English proficiency can still look to 
international online courses such as those provided by ASIANUX and edX. 
An interesting point to note that even though there are increasing number of providers of 
MOOCs, including those supported by the ministry of education, the news regarding Thailand’s 
online education situation have been heavily focused on problems related to the tangible factors such 
as improving infrastructure and the need to create more usable content. On the other hand, there has 
not been much reported regarding how the country plans to increase exposure of MOOCs. Hence, it 
may be valuable to investigate further into people’s perception and acceptance of online learning to 
form a better understanding of the current situation. 
The author believes in the potential of online learning in improving education for the Thai 
population. The aforementioned situation and the lack of information from the user side became the 
motivation for this study which looks to investigate the acceptance levels of the population and their 
attitudes towards online learning. The author believes that understanding this could assist in 
pinpointing potential barriers to implementation in the short term and also provide information to 
help with decision making in the long term.  
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CHAPTER 3. LITERATURE REVIEW 
 The following section provides an insight towards existing literature in e-learning and 
studies involved with analyzing and predicting behavioral intent. The focus on e-learning is to 
identify literature on effectiveness of e-learning and also factors contributing to the success on its 
implementation. The focus on studies involved with analyzing behavioral on the other hand allows a 
deeper insight to factors which may influence behavior and decision to adopt or use a technology. An 
understanding of these factors would support the design of the study. 
Section 1. E-LEARNING 
E-learning has been a heavily researched topic in the past decade. Various research explored 
the effectiveness of e-learning and the benefits that it could bring to society. However, due to the 
constant expansion of e-learning from its origin, it is important to define e-learning relevant to this 
research before delving further into the subject. 
3.1.1. Definition of E-learning 
Early papers regarding to e-learning have often defined e-learning as a method of teaching 
or learning through electronic media such as the internet (Welsh et al., 2003; Govindasamy, 2002; 
Bhuasiri et al., 2012).  However, the development of technology has increased the types and range 
of media that e-learning covers. The initial definition was sufficient in the introductory stages of 
e-learning due to the limited types of media but may lack definitive ability in the present. 
Therefore, it may be necessary to further segment different types of e-learning. Johnson and 
Brown (2017) proposes two dimensions to identify the distinction between different types of 
e-learning, the level of interactivity, whether it is static or collaborative, and the purpose of the 
learning, whether it is design as an instruction or for providing information. With these two 
dimensions, e-learning can be classified into four groups, static information, static instruction, 
collaborative information and collaborative instruction (Johnson & Brown, 2017). 
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3.1.2. Benefits of E-Learning 
Many researchers have delved into the benefits and effectiveness of e-learning. Welsh et al. 
(2003) suggests that organizations use e-learning to achieve benefits such as providing consistent 
training, increase learner’s convenience, improve tracking and lowering costs. This is consistent with 
other researchers who highlight the main benefits of e-learning as breaking the limitations created by 
time and space and allow cost reductions (Park, 2009; Ong & Lai, 2006). 
In terms of benefits there is supporting evidence in existing research that e-learning could be 
more effective than classroom training for instruction-based learning using short courses. However, 
due to difference in teaching styles and course design which could affect the outcome of past 
researches, the results should be taken with caution (Welsh et al. 2003).  
The benefits of e-learning are not always clear cut as there are usually trade-offs. For 
example, within the subject of education, technology mediated communication may influence 
collaboration and group work, however, individuality and precision may be lost in the process 
(Muukkonen, Lakkala, & Hakkarainen, 2005). Additionally, e-learning does lack some benefits that 
traditional education classrooms provide such as human interactions, and therefore is not a perfect 
replacement of existing system (Njenga & Fourie, 2010). This means that while advocates of 
e-learning suggest the benefits of e-learning come from direct effects, there are also negative indirect 
effects of e-learning which should be considered as well. 
Another consideration that needs to be addressed is that, due to constant changes in the field, 
it is important to take caution when analyzing effectiveness of e-learning (Abdullah & Ward, 2016). 
Nevertheless, the benefits of e-learning and potential effectiveness make e-learning a significant area 
of interest especially in areas that look to provide new opportunities of learning. 
3.1.3. Factors Influencing Effectiveness of E-learning 
Many researchers have also investigated the subject of the components that makes 
implementation of e-learning effective (Bhuasiri et al., 2012; Sun et al., 2007; Alsabawy, Cater-Steel, 
& Soar, 2013; Hassanzadeh, Kanaani, & Elahi, 2012; Selim, 2007). Common areas identified to be 
significant factors for successful implementation of e-learning can be identified around the learner, 
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instructor, course design and material, infrastructure or technology, and environment.  
Learner’s characteristics can be identified by computer-efficacy, internet efficacy and 
attitude towards e-learning (Bhuasiri et al., 2012; Selim, 2007). While the scale of computer-efficacy 
has been useful in the past, it is also important to note that more recent research have shown 
insignificant results for computer efficacy as a measure due to computer literacy becoming 
mandatory rather than a luxury (Sun et al., 2007; Park, 2009). However, anxiety from using 
computer or technology can still be a valid scale to investigate learner characteristics with respect to 
e-learning (Sun et al., 2007). 
Instructor’s characteristics play a crucial part in effectiveness of education. Instructors who 
can interact and engage with students effectively leads to more student satisfaction and results in 
better performance (Johnson & Brown, 2017). With regards to e-learning, technological capabilities 
or the self-efficacy of teachers and their teaching styles may affect student’s perception of the class 
and also the effectiveness of the e-learning course itself (Bhuasiri et al., 2012). Instructor 
characteristics also includes response time of instructors since responding in a timely manner can 
encourage students to continue learning and maintain motivation (Sun et al., 2007). If instructors fail 
to maintain student motivation, it could lead to lower knowledge acquisition (Paechter, Maier, & 
Macher, 2010). In general, empirical research emphasizes that the ability of instructors is crucial to 
the success and effectiveness of learning. 
Course design and information quality can be separated into two factors, the design factor 
and the information quality factor. The main factors of course design that influence effectiveness of 
e-learning include, complexity, learner control, and training guidance (Johnson & Brown, 2017). On 
the other hand, quality of the information provided by the course also effects the quality of 
e-learning. Quality content can be defined by clarity and understandability, appropriate level of 
breath, up-to-date, and richness of content (Ozkan & Koseler, 2009). 
Infrastructure and technology refers to the capability of providing e-learning services. This 
includes the accessibility of the e-learning system such as internet speed or availability, both of 
which may hinder e-learning effectiveness (Selim, 2007; Sun et al., 2007; Alsabawy, Cater-Steel, & 
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Soar, 2013). There are also indirect effects from having better infrastructure as better services can 
also lead to better perceived usefulness (Alsabawy, Cater-Steel, & Soar, 2013). This can then 
influence student and instructor characteristics through attitudes towards the technology. On the 
technological side, new technology has led to increases in capabilities to provide more complex 
types of courses or instructions or even interaction opportunities such as in the case of media 
richness (Johnson & Brown, 2017). 
Environment factors refers to the connection between the members in the e-learning 
environment. Environment factors can be facilitated by the ability to interact through synchronous 
communications which then leads to improve satisfaction resulting in a positive effect on students’ 
performance (Cao, Griffin, & Bai, 2009). Good e-learning environment also leads to increased 
opportunities for interaction through exchanging information not only between students, but also 
with instructors (Bhuasiri et al., 2012). Additionally, if individuals feel that they are a part of the 
group, it is more likely that they will be willing to share more complex information and also provide 
better quality judgement and feedback towards members in the group (Johnson & Brown, 2017). 
Section 2. MODELS AND THEORIES FOR PREDICTING BEHAVIOR 
 In regards to analyzing behavior or intent to use e-learning, two major studies have been 
prominent in the field, the theory of planned behavior (Ajzen, 1991), and the technology acceptance 
model (Davis, 1989), both of which are based on the theory of reasoned action (Ajzen & Fishbein, 
1980). The following section evaluates both studies and involvement with research on behavior and 
also extension variables used in empirical studies related to technology adoption behavior in 
e-learning. 
3.2.1. Theory of Planned Behavior 
 The theory of planned behavior was introduced as an extension of the theory of reasoned 
action (Ajzen, 1991). Ajzen (1991) suggests that a planned behavior is influenced by the intention to 
perform a behavior which is dependent on three constructs, attitude towards the behavior, subjective 
norm, and perceived behavioral control. Attitude towards the behavior refers to feeling about 
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performing the behavior. Subjective norm refers to an individual’s perception of whether those who 
are around them would consider the behavior positive or negative. Perceived behavioral control 
refers to the perceived level of difficulty or required effort in performing the behavior (Ajzen, 1991). 
 Theory of planned behavior has been used to analyze various types of behaviors in 
empirical research. The types of behavior investigated by the theory range from leisure behavior 
(Ajzen & Driver, 1991) to health decisions such as smoking behavior (Norman & Bell, 1999) and 
condom use (Albarracín et al., 2001). The range of behavior investigated by theory of planned 
behavior also includes technology adoption such as, mobile learning (Cheon et al., 2012), software 
technology application (Morris, Venkatesh, & Ackerman, 2005), and electric commerce adoption 
(Pavlou & Fygenson, 2006). 
 However, there has also been various criticism with the theory of planned behavior. For 
example, while there is empirical evidence supporting that the factors in the model such as 
subjective norms and perceptions of behavioral control do affect intention, the detail behind how 
these factors interact with each other still needs further investigation (Ajzen, 1991). Furthermore, 
there are arguments that experimental tests have provided evidence against the theory of planned 
behavior, however, in those cases researchers tend to question the results rather than the theory 
(Sniehotta, Presseau, & Araújo-Soares, 2014). Conner (2015) agrees that there are mixed results 
regarding the theory in experiments related to health decisions but suggests that better experiments 
do actually support provide supporting evidence. 
3.2.2. Technology Acceptance Model 
 The Technology Acceptance Model (TAM) was developed by F.D. Davis in 1985. The 
initial TAM focuses on four main measurements, actual system use, attitude towards using, 
perceived ease of use and perceived usefulness (Davis, 1985). Actual system use was modeled as 
dependent on the attitudes towards using and perceived usefulness. Attitude towards using is 
dependent on perceived usefulness and perceived ease of use. 
For the TAM, perceived ease of use was defined as "the degree to which a person believes 
that using a particular system would be free of effort” (Davis, 1989) while perceived usefulness was 
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defined as "the degree to which a person believes that using a particular system would enhance his or 
her job performance” (Davis, 1989). Davis further develops and validates a scale to measure 
perceived ease of use and perceived usefulness while also acknowledge that relationship of other 
factors’ effect on perceived ease of use and perceived usefulness still needs further investigating. 
 Since then, TAM has been applied to various research on technology acceptance. The 
range of products range from items for personal use, such as electronic mailing (Szajna, 1996), 
Blu-ray DVD recorders and smartphones (Parry, Kawakami, & Kishiya, 2012), to business related 
items such as management software (Wallace & Sheetz, 2014) and mobile library applications (Park, 
Roman, Lee, & Chung, 2009). TAM is also a prevalent model in the field of e-learning with research 
on the adaption of new applications or software in education (Cheung & Vogel, 2013), acceptance of 
e-learning in different regions, (Park, 2009; Chang, Hajiyev, & Su, 2017; Teo et al., 2014). With 
regards to e-learning additional investigations on factors that may affect acceptance such as gender 
(Ong & Lai, 2006) and media richness (Liu, Liao, & Pratt, 2009) have also been investigated. The 
wide use of the TAM suggests that it is a reliable measure of technological acceptance and therefore 
is a useful tool for the purpose of this research. 
 However, the TAM is not without its faults. Davis (1989) identifies that the TAM with 
perceived usefulness and perceived ease of use does provide a basis to measure technological 
acceptance. However, the initial model only provides basic information about users’ opinion and 
may lack the details or explanatory power that could be useful for development purposes (Mathieson, 
1991). Relationships within the TAM have also been questioned as some links such as relationship 
between behavioral intent to actual use is considered by some as poorly supported theoretically 
(Bagozzi, 2007). Therefore, even though the TAM is widely used, researchers often add additional 
factors to capture new scales relevant to technological acceptance. 
3.2.3. Comparison between the Theory of Planned Behavior and TAM 
 While both models have been used widely as a tool in empirical research, it is suggested 
that TAM is easier to use but provides very general information. On the other hand, the theory of 
planned behavior provides more detailed and relevant information which could provide lead to more 
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useful implications (Mathieson, 1991). It is also important to note that TAM was designed to explain 
behavior on technological acceptance (Davis, 1989) while theory of planned behavior tries to explain 
all volitional behavior with four explanatory concepts (Sniehotta, Presseau, & Araújo-Soares, 2014). 
Section 3. EXTENSION VARIABLES IN E-LEARNING ACCEPTANCE 
 The following section explores additional factors existing research have used in the field 
of e-learning. These factors may be required to define variables which may affect perceived 
usefulness or perceived ease of use outside in relation to the subject of e-learning. 
 Abdullah and Ward (2016) highlights the most prevalent factors in empirical research of 
TAM in the field of e-learning. These factors are, self-efficacy, subjective norm, perceived 
enjoyment, and experience and computer anxiety. However, while these factors have been prevalent 
in empirical research, results regarding these factors should still be taken with caution as significant 
technological changes may cause behavior to change (Abdullah & Ward, 2016).  
A certain point of concern is that since this research takes into consideration both users and 
non-users, factors which results from using the product such as enjoyment may not be relevant to the 
all respondents and therefore will be excluded from consideration. Additionally, as this paper’s 
purpose is to explore effective ways to promote and increase technology acceptance, it may also be 
useful to include factors related to the marketing field as well. Thus, the following sections explores 
literature regarding the four areas which includes, self-efficacy, subjective norms, experience and 
computer anxiety, and word-of-mouth in the following sections. 
3.3.1. Self-Efficacy 
Self-efficacy can be defined as how people judge their own capabilities to perform a given 
task, this judgment can lead to effects in motivation and behavior (Bandura, 1982). For example, the 
more confidence an individual has in using computers, the more likely they are to adopt computer 
related tools. In TAM self-efficacy has been a recurring variable in various papers with positive 
results (Abdullah & Ward, 2016; Bhuasiri et al., 2012; Ong & Lai, 2006) however, there are cases 
where self-efficacy does not show significant results when dealing with subjects with similar levels 
 13 
 
of confidence in using computers (Park, 2009). 
3.3.2. Subjective Norms 
Subjective norms or social influence in e-learning refers to “how the opinions from peers, 
teachers and educational institution policies may influence tendency to use e-learning system” 
(Abdullah & Ward, 2016). While this factor is one of the main constructs in the theory of planned 
behavior it is often used as an extension variable for the TAM. 
The importance of subjective norms stems from how behavioral intention can be influenced 
by attitude and subjective norms (Ajzen, 1991). While the initial TAM does explain behavior 
through attitude, it does lack the aspect of subjective norms which was later investigated in the 
TAM2 model (Venkatesh & Davis, 2000) and other research on TAM (Abdullah & Ward, 2016; 
Cheung & Vogel, 2013; Schepers & Wetzels, 2007).  
Schepers and Wetzels (2006) reported significant correlations between subjective norms and 
perceived usefulness and behavioral intention with stronger effects in students. Other research also 
looked at the source of the opinion such as the subjective norms from peers, instructors, and general 
media. Cheung and Vogel (2013) reported significant relationships between subjective norms from 
peers while the influence of subjective norms from media and lecturers did not report significant 
results. Davis and Venkantesh (2000) on the other hand, provides evidence that effects of social 
norms on TAM constructs are relevant when technology uses are mandatory but not when 
technology use is voluntary. This implies that while subjective norms is a significant measure, there 
can be varying results depending on the nature of the subject being investigated.  
3.3.3. Experience and Computer Anxiety 
 Experience and computer anxiety can influence behaviors in regard to using technology. 
Computer anxiety can be defined as the fears about potential problems that may arise from computer 
use such as the loss of data or other mistakes, increased computer anxiety can therefore lead to a 
tendency to avoid computers (Thatcher & Perrewé, 2002). Therefore, those who have higher 
computer anxiety are less likely to use e-learning (van Raaij & Schepers, 2008). On the other hand, 
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experience in the context of computers refers to experience with using computers. Computer 
experience can lead to knowledge about computers which can be used to influence the perceived 
ease of use and perceived usefulness of a system (Lee, Hsieh, & Chen, 2013). These two factors 
relate to confidence towards using the medium for e-learning and therefore are both important factor 
to consider in research about technology acceptance. 
3.3.4. Word of Mouth 
Opinions of others can also be looked at from a marketing perspective through channels 
such as word of mouth. The research of effects of word of mouth have been common in empirical 
research with a shifting interest to research related to electronic word of mouth (Bikart & Schindler, 
2001; Luo, Luo, & Bose, 2018; Parry, Kawakami & Kishiya, 2012; De Bruyn & Lilien, 2008). 
Electronic word of mouth or sometimes referred to as online word of mouth is different from 
traditional word of mouth as it can encourage information searching, can be referred and revisited, 
and also has potential to give more information which can be absorbed at the decision maker’s pace 
(Bikart & Schindler, 2001). Additionally, through virtual word of mouth people can also look for 
consumer generated content to find information that relates to their interest (Luo, Luo, & Bose, 
2018).  
Parry, Kawakami and Kishiya (2012) looked at influences from different sources of 
word-of-mouth to perceived usefulness and reports that virtual word of mouth, defined as “virtual 
communication between consumers who have never met in real life” (Parry, Kawakami, & Kishiya, 
2012), can have stronger influence on potential adopters of a technological product than information 
exchange from people who know each other. On the other hand, there is also evidence in the 
opposite direction that for individual have stronger ties with each other, the effect of word of mouth 
is likely to be stronger (Brown & Reingen, 1987). Furthermore, there are also cases where word of 
mouth can be ineffective such as cases where people have an attachment to a brand (Li & Wu, 2014).  
The varying results in literature regarding word of mouth may depend on the difference in 
settings. Decision makers who are likely to seek information through word of mouth include those 
who lack expertise in areas related to the product and those who perceived the decision to use a 
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product as a high-risk decision (De Bruyn & Lilien, 2008). Therefore, if the product does not involve 
such factors, the effectiveness of word of mouth becomes weaker. The rise in importance of 
electronic word of mouth makes it an interesting area to focus, however, there seems to be varying 
results depending on the setting of each study. 
Section 4. SUMMARY 
There has been extensive research on behavioral intent and technology acceptance in 
literature using different theories and models such as the theory of planned behavior and the 
technology acceptance model. Each theory has their own advantages and suitable applications and 
are widely accepted as a tool to predict behavioral intent. However, due to the simplicity of the 
original models, extensions and adaptations are commonly explored in order to capture finer details 
to understand factor influencing the constructs of their respective base models. 
The literature review regarding e-learning provides a guideline towards analyzing 
effectiveness of e-learning while also highlight potential problems which may need to be taken into 
consideration. The focus of the current study focuses on the e-learning technology of online courses 
and the how it is accepted by at the generic level and therefore it may not be possible to control 
characteristics that require experimental settings such as instructor characteristics or course design. 
However, this section of literature does provide areas of interest regarding potentially important 
variables to consider in student characteristics, and infrastructure and technology, while providing 
areas of interest in environmental factors. Several of these factors are also present or closely related 
to factors often explored as extensions in technological acceptance research and hence should be 




CHAPTER 4. THEORETICAL MODEL AND HYPOTHESIS 
 This chapter presents the author’s theoretical model used in this study followed by the 
hypothesis of the relationship between each construct within the model. The reasoning behind the 
use of each construct is explained with consideration to the literature review in the previous chapter. 
The reasoning behind each hypothesis is also explained in each sub section of the hypothesis section. 
Section 1. THEORETICAL MODEL 
The theoretical model can be seen in Figure 1. The model uses the TAM as the basis for 
analyzing acceptance due to its prevalence in existing literature in regards to analyzing e-learning 
acceptance. Additional variables to the model includes self-efficacy, and word of mouth. Two 
products will be tested, online tutorial videos and online courses. 
The reason behind the selection of the extension variable self-efficacy is that it follows 
directly from the literature as a commonly used construct in accordance with TAM. On the other 
hand, the decision to use word of mouth is to provide additional factors which may provide 
implications on how the behavior of the general public could influence technological acceptance for 
online courses in Thailand. The effectiveness of government efforts such as infrastructure 
improvements is represented through self-efficacy and public behavior’s effect can be partially 
explained through word of mouth. Therefore, with the addition of these two factors, a wider 
Figure 1: Theoretical Model 
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perception of factors influencing technological acceptance for online courses can be investigated. 
Section 2. HYPOTHESIS 
4.2.1. Original TAM Variables 
 There is strong empirical evidence in the correlation between the original TAM variables 
of perceived ease of use, perceived usefulness, and intention to use (Davis, 1989; Padilla-Meléndez, 
del Aguila-Obra, & Garrido-Moreno, 2013). Attitude on the other hand has been omitted from later 
research due to its questionable state as a mediator (Venkatesh & Davis, 2000; Schepers & Wetzels, 
2007). The base model of TAM adapted in this model will therefore exclude attitude as well. 
In regards to the effects, it is important to note the possibility that perceived ease of use can 
also be insignificant in cases where it can be considered as a hygiene factor (van der Heijden, 
Verhagen, & Creemers, 2003) meaning that people may take ease of use of the product as granted 
and the lack of ease of use may lead to dissatisfaction. However, due to the recent introduction of 
MOOCs in Thailand, a standard for ease of use for the product may not be established yet, hence the 
assumption of ease of use as a hygiene factor may not apply. Therefore, the effects of perceived ease 
of use on perceived usefulness and behavioral intent will be explored in this study. The hypothesis 
for TAM variables follow the empirical evidence and are stated as follows: 
 H1: Perceived Usefulness (PU) is positively related to Behavioral Intent (BI). 
 H2: Perceived Ease of Use (PE) is positively related to Behavioral Intent (BI). 
 H3: Perceived Ease of Use (PE) is positively related to Perceived Usefulness (PU). 
4.2.2. Self-Efficacy 
 Self-efficacy or computer self-efficacy has been used extensively with the TAM with 
general acceptance that there is positive relationship between self-efficacy and the TAM variables 
(Abdullah & Ward, 2016; Bhuasiri et al., 2012; Venkatesh, 2000). However, in recent research there 
has been cases where self-efficacy has not been significant due to controlled sample groups with 
similar levels of computer self-efficacy (Park, 2009). Additionally, empirical evidence also suggests 
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that the effects of self-efficacy with relationship to perceived usefulness in the TAM while positive, 
is weaker than the relationship between self-efficacy and perceived ease of use and in many cases 
insignificant (Abdullah & Ward, 2016). An explanation for this may be that self-efficacy affects 
perceived usefulness indirectly through perceived ease of use. However, due to the possible 
variability of the samples for this research, the proposed model investigates the relationship between 
self-efficacy and both perceived ease of use and perceived usefulness. The relationship follows 
empirical research as follows: 
 H4: Self-Efficacy (SE) is positively related to Perceived Usefulness (PU). 
 H5: Self-Efficacy (SE) is positively related to Perceived Ease of Use (PE). 
4.2.3. Word of Mouth and Self-Efficacy 
 Considering that the expectation of one’s efficacy can also be generated through verbal 
persuasion and vicarious experience (Bandura, 1977) it is also important to note the possibility of the 
relationship between word of mouth and self-efficacy.  
In this study, word of mouth is defined as “all informal communications directed at other 
consumers about the ownership, usage or characteristics of particular goods or their sellers” 
(Westbrook, 1987). The section which related to creating efficacy is the communication of usage 
experience which can relate to vicarious experience or imagining one’s ability from hearing about 
other’s experience. Additionally, if we consider that decision makers are more likely to seek 
information in areas which they lack expertise (De Bruyn & Lilien, 2008), there is a possibility that 
they may seek verbal support in their abilities to use the system as well. Therefore, the hypothesis 
involving the relationship between word of mouth and self-efficacy is as follows: 
H6: Word of Mouth (WOM) is positively related to Self-Efficacy (SE). 
4.2.4. Word of Mouth to TAM variables 
 Word of mouth is an extensively researched topic in literature (Parry, Kawakami, & 
Kishiya, 2012; Steffes & Burgee, 2009; Cheung, Lee, & Rabjohn, 2008; Chen & Xie, 2008). 
Considering the five stages decision making process introduced by John Dewey in 1910, which 
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consists of problem recognition, information search, alternative evaluation, purchase decision, and 
post purchase behavior, word of mouth fits directly into the process of decision making. By 
definition, word of mouth, provides information of a products to decision makers, this fits into the 
information search process of decision making and if the information received is positive about 
perceived usefulness, there should be a positive effect from world of mouth on perceived usefulness. 
The hypothesis about the relation of WOM towards PU are as follows: 
 H7: Word of Mouth (WOM) is positively related to Perceived Usefulness (PU). 
 The relationship between word of mouth and perceived ease of use is likely to be similar to 
perceived usefulness. Pagani (2004) highlights perceived usefulness, perceived ease of use and cost 
benefits as the key drivers for evaluation for when selecting a third generation mobile device. This 
suggests that decision makers seek for information on ease of use and considers it valuable 
information. Therefore the perceived ease of use can be influenced by word of mouth. The 
corresponding hypothesis for the relationship between world of mouth and PE are as follows: 
H8: Word of Mouth (WOM) is positively related to Perceived Ease of Use (PE). 
4.2.5. Relative Impact of Word of Mouth with regards to Product Type 
 While it is expected that word of mouth would have positive impacts to perceived 
usefulness and perceived ease of use for both products, the magnitude of the effect may vary 
between online tutorial videos and online courses. Consider that people depend on word of mouth 
when they lack expertise about a product group and when the decision is can be considered high risk 
(De Bruyn & Lilien, 2008), it follows that effects of word of mouth should be stronger in the newly 
introduced product in the same field of e-learning. Additionally, since online courses are longer and 
require more investment in resources such as time and in some cases money, the decision to take a 
course may be relatively risky. Therefore, it is reasonable to suggest that word of mouth effects 
would be relatively stronger for online courses than online tutorial videos as it is newer, riskier and 
requires more investment for users. The hypothesis can be considered as follows: 
 H9: Word of mouth will have greater impact on Perceived Usefulness (PU) and Perceived 
Ease of Use (PE) for online courses than online tutorial videos. 
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CHAPTER 5. RESEARCH METHODOLOGY 
The following chapter explains the methodology of how the research was conducted, the 
details on how the measurement scales for each construct was chosen, and the process of data 
collection. 
Section 1. RESEARCH METHODOLOGY 
The model in Figure 1 will be tested by collecting data from respondents with regards to 
two products, online tutorial videos and online courses (MOOCs). Both can be defined under the 
definition of e-learning as a method of teaching or learning through electronic media, such as the 
internet, as used in existing literature (Welsh et al., 2003; Govindasamy, 2002; Bhuasiri et al., 2012). 
Additionally, the date of introduction to the Thai public is also different as Thai MOOC was released 
in 2017 (ThaiMOOC, 2017) and in case of international users edX, a major MOOC platform or 
MOOCs, was introduced in 2012 (edX, n.d.). On the other hand, video tutorials have been around for 
longer periods with Khan Academy providing video on YouTube since 2006 (Khan Academy, 2006). 
This means that there is a difference of around 6 to 10 years in the adaptation curve of both products. 
Other differences between both Medias on the other hand can be hard to identify. Video 
tutorials like those provided by Khan Academy near its launch focused on hands-on teaching and to 
the point content (Temple, 2009). It was used as a supplement or a tool to assist classes or 
assignments (Thompson, 2011) rather than a full educational course. On the other hand, MOOCs can 
still vary in type of education provided where some provide video lectures with others providing 
more interactive courses. However, the difference between opinions between both e-learning 
products could identify Thailand’s technology acceptance towards the new MOOC platform while 
pointing out effective channels in creating positive attitudes towards the subject. 
The choice of using online videos tutorials and online courses is to assess the status of 
acceptance of MOOCs, a concept recently introduced to Thailand, and online tutorial videos, an 
existing concept which may have a larger exposure to the Thai population. The similarity between 
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both products as an e-learning tool is similar in terms of difficulty of use and accessibility. Using 
online tutorial videos as an anchor to analyze technology acceptance of online courses could lead to 
valuable implications to the current state of online courses and also point out potential issues as well. 
Section 2. SCALE DEVELOPMENT 
Most of the variables used in this study are adapted from existing literature. The papers used 
as base for this model includes, Davis (1989) research on perceived usefulness and perceived ease of 
use, Park’s (2009) adaptation of TAM for measuring university students e-learning behavioral 
intention, and Parry, Kawakami and Kishiya (2012) TAM based research on the effects of word of 
mouth on technological acceptance and behavioral intention. 
Perceived Ease of Use (PE) is adapted from Davis’s (1989) original paper which is a widely 
accepted and used in existing literature. Perceived ease of use measures the degree of which 
respondents find the product easy to use and interact with. However, as Davis’s (1989) variables 
were used to measure reactions to a specific application rather than a general opinion on a product 
type, some of the items that were specific to the application in the initial paper, and therefore 
irrelevant to this study, were dropped leaving 3 items for the construct. Perceived usefulness (PU) 
was also adapted from the same paper by Davis (1989) with 3 items measuring how respondents 
perceived the use of the products benefits on their performance and ability to perform tasks. 
Behavioral Intent (BI) is adapted from Parry, Kawakami, and Kishiya (2012). The construct 
consists of two items measuring the likeliness that the respondent will use the product in the near 
future. The length of time was adjusted from the original paper of 12 months to 6 months to 
correspond with a semester. The decision to use Parry, Kawakami, and Kishiya’s (2012) proposed 
scale is due to the similarity of how the study focuses on future adoption of those non-adopters 
which is relevant to the current study as well. While other items were considered, research on 
technology acceptance were often controlled experiments and hence measured intent of continuing 
the use of the product in the experiment which may not be suitable for the setting of this research. 
Self-Efficacy is adapted from Park (2009) measuring the confidence of respondents in 
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searching for relevant information and their confidence in their skills for using the e-learning product. 
The construct consists of 2 items measured using the Likert scale. 
The measures for word of mouth (WOM) are adapted from Parry, Kawakami and Kishiya 
(2012). The variable follows the initial paper using three items to measure the extent of which 
respondents received advice and recommendations from family, friends, and those around them. 
While the referred paper also includes virtual sources of word of mouth, due to nature of the product 
involved being relatively new, there may not be significant resources of virtual word of mouth for 
MOOCs at this certain point in time and therefore virtual word of mouth was not included in the 
model. 
Control variables used with the model includes, age, gender, subjective social class and Thai 
nationality. While the first two variables are commonly used controlled variables, the decision to 
replace income with subjective social class is that Thai people can be more inclined to spend more 
than those of neighboring countries with similar objective social class (Kittikachorn, 2017). 
Therefore, subjective social class may be a better measure of behavior in this case. The subjective 
social class used in this study is an adaptation of MacArthur scale of subjective social status (Adler 
& Stewart, 2007). Thai nationality on the other hand is created as a verification that respondents are 
within the intended group for this study and is used only as a confirmation tool and therefore not 
included as a factor in the model. 
Section 3. DATA COLLECTION 
 The survey was distributed online to cover target groups with focus on those who are 
currently enrolled in university and/or are currently working in Thailand. The decision to use the 
online channel is based on two main reasons. The first reason is to ensure that those doing the survey 
do have access to internet and also the option to use online tutorial videos or online courses at their 
own convenience, this allows a certain degree of control over factors such as technological 
capabilities which may affect behavioral intent. The second reason is that those with exposure to 
Internet have higher potential to understand both types of online education to form a perception 
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about them. Since the purpose of this paper is to understand perceptions and discover information 
beneficial to the introduction of the MOOC in Thailand, it is better suited to focus on those with 
capabilities to access the content first. 
The reasoning behind the selection of those enrolled in tertiary education or above rather 
than those in primary or secondary education is the nature of how e-learning material involved in 
this study is used voluntarily rather than mandatorily. Since Thai MOOC provides free content 
online with open access, the process of using the system is voluntary, and therefore focusing on 
those with higher potential to use online courses voluntarily is important to maintain control between 
the two products. In terms of relevance to research purpose, students in primary or secondary 
education systems do not have flexibility as they generally follow a school diploma program while 
those in university or those who are at work are more flexible as they are able to choose their own 
subjects of interests, therefore the current state of MOOCs are more suitable for those at university 
level or above. Finally, as Thai MOOC collaborates with Thai universities to produce content 
(ThaiMOOC, 2017), the content level in general is probably more suited for those who have finished 
secondary education therefore this criterion of selecting subjects would give be more relevant to the 
purpose of the study. 
In regards to the results, the survey generated 54 usable responses from people with age in 
their 20s, 30s and 40s. The information regarding the respondent characteristics with information 
whether they have experience with each type of e-learning is summarized in Table 1. Most 
respondents (92.5%) have prior experience with using online tutorial videos before, however, those 
experienced with online courses make up around half (51.9%) of total respondents. The user rates 
show that the number of users with experience with online tutorial videos is higher for female than 
for males aged in their 20s and also those in their 30s. On the other hand, the groups with the higher 
users with experience with online courses are male within their 30s (67%). Within the 20s, the 
variance between the users of both e-learning platforms is very small with 91.7% and 94.7% of users 
of online tutorial videos for males and females respectively, and 50.0% and 52.6% of users of online 
courses for males and females respectively. 
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Table 2 presents the means of the five constructs for the whole sample and sub-groups 
segmented by age and gender. Across all groups, the mean for all values were lower for online 
courses than online tutorial videos. For self-efficacy this is consistent with the reasoning of online 
courses being a newer product and therefore respondents were less confident in their abilities to use 
the product in comparison to online tutorial videos. Between products, the higher perceived 
usefulness and perceived ease of use is accommodated by higher behavioral intent as suggested by 
the empirical evidence in TAM. However, this is only consistent for those age between 20 and 29 
possibly due to the lack of samples within other groups. 
 




Online Tutorial Videos Experience 
 
Online Courses Experience 
Age  Male Female All   Male Female All   Male Female All 
20s 
 
24 19 43 
 
22 18 40 
 
12 10 22 
30s 
 
6 4 10 
 
5 4 9 
 
4 2 6 
40s 
 
1 0 1 
 
1 0 1 
 
0 0 0 
Total 
 
31 23 54 
 
28 22 50 
 
16 12 28 
User Rate 
20s 

























 40s      0.00% 100.00%    100.00% 100.00%   









Table 2. Respondent Characteristics: Mean Value of Each Segment 
1) Online tutorial videos 
       







20-29 30-39 40-49 
 
20-29 30-39 
Construct  (n=54)   (n=24) (n=6) (n=1)   (n=19) (n=4) 
Word of Mouth 3.23 
 





4.13 4.17 3.50 
 
3.58 3.88 
Perceived Usefulness 4.00 
 
4.15 3.94 4.00 
 
3.82 4.00 
Perceived Ease of Use 3.56 
 
3.54 3.50 3.00 
 
3.37 4.75 
Behavioral Intent 3.93 
 
4.00 3.67 3.00 
 
3.95 4.00 
2) Online Courses 
        







20-29 30-39 40-49 
 
20-29 30-39 
Construct  (n=54) 
 
(n=24) (n=6) (n=1) 
 
(n=19) (n=4) 
Word of Mouth 2.98 
 





3.96 4.00 3.00 
 
3.32 3.63 
Perceived Usefulness 3.69 
 
3.74 3.67 4.00 
 
3.58 3.83 
Perceived Ease of Use 3.41 
 
3.46 3.33 3.00 
 
3.32 3.75 
Behavioral Intent 3.07 
 
2.88 3.67 3.00 
 
2.95 4.00 
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CHAPTER 6.  RESULTS 
 The following chapter discusses the results of the study. The analysis of the data was done 
following Anderson and Gerbing’s (1988) two-step approach to structural equation modelling. The 
first step being verification of the fit of the model and constructs introduced in figure 1. The second 
step then involves acquiring the estimates of the structural equation model. 
Section 1. MEASUREMENT MODEL 
 Data analysis was done by first performing the confirmatory factor analysis (CFA) to test 
the discriminant validity and convergence of the items involved in the constructs with more than 1 
item used in the analysis. The results of the measurement model are summarized in Table 3. The fit 
statistics indicate that the model suits the data well with overall fit indices exceeding .90. 
Comparative Fit Index (CFI) was reported as 0.92, Incremental Fit Index (IFI) was reported as .93 
and Root Mean Square Residual (RMSEA) reported as 0.51. Cronbach’s alpha ranged from 0.58 to 
0.87 for online tutorial videos and from 0.67 to 0.86 for online courses. All involved variables have a 
Cronbach’s alpha value close to or exceeding the acceptable value of 0.6. Perceived usefulness 
Table 3: Measurement Model Evaluation 
             1. Online Tutorial Videos (n=54) 
      Mean S.D.   Cronbach’s α   (a) (b) (c)  (d) (e) 


















0.33* 0.38* 1 




0.19 0.13 0.05 1 
 Behavioral Intent (e)    3.93 0.97   -   0.43* 0.46* 0.32* 0.10 1 
             2. Online Courses (n=54) 
   
Mean S.D.   Cronbach’s α   (a) (b) (c)  (d) (e) 


















0.46* 0.68* 1 




0.61* 0.46* 0.52* 1 
 Behavioral Intent (e)    3.07 1.18   -   0.65* 0.49* 0.41* 0.46* 1 
All items were measure using the 5-point Likert Scale. "*" denotes p < 0.05 
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reports a 0.58 Cronbach’s alpha value for online tutorial videos but 0.76 for online courses with the 
same items. This suggests that the construct is acceptable but there may have been some 
inconsistencies as online tutorial videos may be used differently by each individual and therefore 
there may be inconsistencies between the items used to measure perceived usefulness which includes, 
performance improvement, productivity and how helpful it is for task completion (see Appendix A). 
A possible explanation for this difference may be because this study collects data from Thailand, an 
Asian country with a different culture from where the original measures were developed. However, 
the construct even at is lowest value is around the acceptable value of 0.6 while including only three 
items and therefore it is fair to include the construct in the model. 
Section 2. HYPOTHESIS TESTING 
 Structural equation modeling (SEM) was used to test the proposed model. The results of 
the SEM can be seen in Figure 2. Fit statistics implies that the model fits the data well (p =.023, d.f. 
=118, CFI =.919, IFI =.926, RMSEA =.51). With regards to control variables, there is significant 
evidence to support the significance of the negative relationship of the male variable to behavioral 
intent in the online tutorial video model (β = -.20, p < .10) but not the online course model. With age, 
there is significant evidence to support the positive effect of age on behavioral intent (β = .24, p 
< .05) for online courses but not for online tutorial videos. Subjective social class was not supported 
in both cases. 
Table 4: Hypothesis Testing 
       
          Structural Model   Goodness of Fit   Significance 
Model 1: Estimated Model 
 
p =.023, CFI =.919, IFI =.926, RMSEA =.51 
          Constraint across product categories 
      Model 2: WOM to SE 
  
p =.025, CFI =.920, IFI =.927, RMSEA =.50 
          Model 3: WOM to PU 
  
p =.025, CFI =.920, IFI =.926, RMSEA =.51 
          Model 4: WOM to PE   p =.025, CFI =.920, IFI =.927, RMSEA =.50 
          Note: * p < .05. Models 2–4 forces the magnitude of a path coefficient to be equal for both online tutorial 
videos and online courses. The constrained path is listed following the model number 
WOM = Word of Mouth, SE = Self-Efficacy, PU = Perceived Usefulness, PE = Perceived Ease of Use 
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 In regards to the three paths in accordance with TAM which directly relates to hypothesis, 
H1, H2, and H3, only one of the path had significant supporting evidence, the path from perceived 
usefulness to behavioral intent. The relationship between perceived usefulness and behavioral intent 
is significant for both online tutorial videos (β = .64, p < .05) and online courses (β = .45, p < .05), 
this supports the validity of H1. However, both paths involving perceived ease of use to perceived 
usefulness and perceived ease of use to behavioral intent, were not significant for both online tutorial 
videos and online courses. 
For extension variables of the TAM used in this paper, there is a consistent path from word 
Figure 2: Structural Equation Modeling Results 
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of mouth to self-efficacy and from self-efficacy to perceived usefulness. The path from word of 
mouth to self-efficacy is positive and significant at the 5% level for both online tutorial videos (β 
= .73, p < .05) and online courses (β = .72, p < .05). Similarly, the path from self-efficacy to 
perceived usefulness are also both consistently positive for both online tutorial videos (β = .61, p 
< .10) and online courses (β = .91, p < .05) supporting the validity of hypothesis H5 and H6. The 
path from word of mouth to perceived ease of use is significant with a positive relationship for 
online courses (β = .53, p < .05), however there is not sufficient evidence to support any relationship 
between word of mouth and perceived ease of use for online tutorial videos and therefore hypothesis 
H7 is only partially supported. Other relationships between the extension variables and the original 
TAM variables which include the path between word of mouth and perceived usefulness, and the 
path between self-efficacy and perceived ease of use were not supported by the data and therefore 
there is insufficient evidence to reject H4 and H8. 
 In regards to the relative effects of word of mouth for the two products, 3 additional 
models were created with the coefficients between word of mouth and self-efficacy, word of mouth 
and perceived usefulness, and word of mouth and perceived ease of use set to be equal. The 
goodness of fit for the additional models are reported in Table 4. The goodness of fit of the 
additional models (model 2-4) were then compared to the original model (model 1) to test whether 
there is significant evidence to reject the constraint in each model that the relevant paths are equal 
for both online tutorial videos and online courses. Results for all additional models did not provide 
significant evidence to support that there are difference in the effects between the two products. 
Therefore there is not enough evidence to support the validity of hypothesis H9. The summary of the 





Table 5. Structural Equation Modeling Results 
       
  
Online Tutorials Videos 
 
Online Courses 
Path  β p  β p 


















































Subjective Social Class to Behavioral Intent   0.05 0.65   0.10 0.37 
Table 6: Hypothesis Testing Results 
    
 
  Hypothesis           Results 




H2: Perceived Ease of Use (PE) is positively related to Behavioral Intent (BI) 
 
Not Supported 




H4: Self-Efficacy (SE) is positively related to Perceived Usefulness (PU) 
 
Supported 
H5: Self-Efficacy (SE) is positively related to Perceived Ease of Use (PE) 
 
Not Supported 
H6: Word of Mouth (WOM) is positively related to Self-Efficacy (SE) 
  
Supported 




H8: Word of Mouth (WOM) is positively related Perceived Usefulness (PU) 
  
Not Supported 
H9: Word of mouth will have greater impact on Perceived Usefulness (PU) and  
Perceived Ease of Use (PE) for online courses than online tutorial videos. Not Supported 
* H7 is supported in online courses but not online tutorial videos  
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CHAPTER 7. DISCUSSION AND IMPLICATIONS 
 The following section discusses the result of the study with respect to existing literature 
with implications that could be useful for improving the acceptance of e-learning in Thailand. The 
final section discusses the limitation of the study while also highlights areas of interest for future 
research. 
Section 1. DISCUSSION OF RESULTS 
This paper investigates the potential relationship of word of mouth and self-efficacy with 
regards to technology acceptance of the relatively newly introduced online courses in Thailand for 
those with higher education and the ability to access internet. The results indicate a positive path of 
technological acceptance consistent with literature of self-efficacy having positive effects on 
perceived usefulness and perceived usefulness having positive effect on behavioral intent. However, 
the impact of perceived ease of use towards both behavioral intent and perceived usefulness did not 
follow the results proposed by the original TAM. Word of mouth’s impact also suggests an 
interesting finding of how the effect of word of mouth is not directly significantly related to 
perceived usefulness but indirectly related through self-efficacy. Word of mouth’s effect on 
perceived ease of use is also evident for online courses. Finally, there is not enough significant 
evidence to suggest that the magnitude of the effects of word of mouth is different for online tutorial 
videos and online courses.  
 The results of the goodness of fit test suggest that the base model of TAM is a useful tool 
in analyzing behavioral intent of e-learning consistent with empirical evidence (Abdullah & Ward, 
2016; Park, 2009). The relationship between perceived usefulness and behavioral intent is also 
supported and consistent with empirical evidence. The paper also extends the TAM by investigating 
the effects of word of mouth on self-efficacy, perceived usefulness and perceived ease of use, and 
therefore applying marketing related tools to technology acceptance in the field of e-learning. 
 However, this model does not support the relationship of the perceived ease of use 
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construct in relation to perceived usefulness and behavioral intent. While most empirical evidence 
follows the TAM hypotheses, there have been reports of non-significant results for perceived ease of 
use to perceived usefulness (Chang, Hajiyev, & Su, 2017; Ibrahim, et al., 2017), and for perceived 
ease of use and behavioral intent (Parry, Kawakami, & Kishiya, 2012; Park, 2009) in past studies.  
An explanation for the loss of significance of perceived ease of use to behavioral intent 
could be that the technology involved with online courses and online tutorial videos are relatively 
simple for the user, therefore, perceived ease of use becomes less effective in influencing behavioral 
intent. An explanation of the lack of relationship between perceived ease of use and perceived 
usefulness could be that the simplicity of e-learning platforms for those with access to computers 
and internet is very low meaning that lower perceived ease of use does not hinder a user’s ability to 
judge the usefulness of online tutorial videos or online courses. 
  If we consider perceived ease of use as "the degree to which a person believes that using a 
particular system would be free of effort” (Davis, 1989), it may possibly be more fitting to look at 
self-efficacy, or the confidence in using the system, rather than the effort required to learn the 
product in cases where the barriers towards learning a product is very low. This may be an 
interesting area to investigate in the future. 
 Self-Efficacy is an extensively used construct for TAM (Abdullah & Ward, 2016) and the 
results from this study supports empirical evidence with self-efficacy showing significant 
relationship with perceived ease of use. This suggests that increase confidence in using a system may 
influence users to use a system more effectively or inspire them to use the system to a level of 
effectiveness leading to higher perceived usefulness. 
 Regarding the effects of word of mouth, the consistency in the significant of word of 
mouth to self-efficacy suggests that the effects of word of mouth is more important as a confidence 
builder of the user ability rather than a direct influence on perceived usefulness. The lack of 
significance between word of mouth and perceived usefulness on the other hand could possibly be 
explained by the no monetary cost barrier and low barriers to access nature of both products. Since 
there is relative little cost for users to test the product themselves, individuals can judge perceived 
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usefulness directly through experience rather than rely on others’ views. It is also important to note 
that there is significant evidence to support a positive relationship between word of mouth and 
perceived ease of use for online courses which suggests that perceived ease of use is still a relevant 
construct if the product is relatively new to the market or perceived to have a high barrier to entry.  
Section 2. MANAGERIAL IMPLICATIONS 
 The results from this study provides some managerial implications towards how increasing 
exposure of online courses should be approached. Firstly, it is important to note the importance of 
self-efficacy towards perceived usefulness. This suggests that it may be important for the ministry of 
education and the Thai government to increase the efforts in improving infrastructure and 
accessibility in order to give time for people to build up self-efficacy and confidence in using 
computers. 
 In regards on areas to focus, the results of this paper support the idea that to promote 
behavioral intent for e-learning tools such as short videos or online courses, focusing efforts on 
increasing perceived usefulness is more important than promoting ease of use. From this implication, 
the government or other institutions looking to promote online learning should look to increase 
perceived usefulness through promoting success stories, the benefits of online courses, or even 
possibly adding benefits outside of knowledge itself such as allowing some courses to provide 
university credits or providing credentials for people who complete the courses. 
 The results of this paper also show the significance of word of mouth to self-efficacy, this 
suggests that it may be effective to create social groups for MOOCs to increase effects of word of 
mouth from peers. Additional focus on encouraging behavior of smaller social groups to increase 
knowledge such as promoting family shared-learning campaigns could also be used to encourage 
positive word of mouth within existing social groups as well. The focus on creating or promoting 
through social groups coincides with improving the environment factor and also influence subjective 
norms which are both important factors to successful implementation of e-learning (Bhuasiri et al., 
2012). As the word of mouth construct in this paper focuses on input from friends, family, peers and 
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those around an individual the significance of the word of mouth in this paper only reflects the 
effects of personal communication. However, it may be useful to consider investigating further the 
effects of virtual sources of word of mouth as more virtual content, such as online reviews, regarding 
courses on Thai MOOC become more common. 
Section 3. ACADEMIC IMPLICATIONS AND FUTURE RESEARCH 
This research has also added a new insight into the research of technology acceptance by 
bridging two research streams. One which focuses on individual characteristics of learners through 
self-efficacy, and the other which focuses on influence from external sources through word of mouth. 
The results adds to existing research by showing not only how both factors relate to perceived ease 
of use and perceived usefulness in the TAM, but also how they interact with each other to influence 
technology acceptance.  
This research also provides new empirical evidence by testing the conceptual model using the 
data collected from respondents aged in their 20s, 30s and 40s in Thailand, a developing country in 
its early stages of introducing MOOCs at the national level. 
Although this research contributes to the literature as discussed above, like other studies, there 
are various considerations about the limitations. Firstly, this data was collected at a certain point in 
time, therefore the relationship within the construct may not hold true as technology advancement 
may influence changes behavior (Abdullah & Ward, 2016). Secondly, the characteristics of 
respondents in this study include those with higher formal education, more literate, and higher 
subjective social class is similar to the socioeconomic characteristics of early adopter in Roger’s 
innovation adoption curve (Everett, 1995) and therefore, generalization of the findings should be 
done with caution. Third, since all surveys were done online, it may influence the characteristics of 
respondents towards those who are more tech-savvy, hence limits the extent of the effects which can 
be represented by a population with larger variance in self-efficacy and perceived ease of use. Fourth, 
this project was conducted with Thai respondents only, therefore, if tested with other cultural 
contexts, results might change due to the cultural differences. Finally, the response rate of the survey 
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was 28.0%, therefore apart from the limited sample size which may affect the significance level of 
hypothesis testing, the survey results may also be influenced by characteristics of respondents who 
are willing to do the survey rather than the intended sample, causing some bias in the 
representativeness of the population. 
 In terms of further research, the results from this paper suggests that the perceived ease of 
use construct in the TAM may have different effects for products with different levels of complexity. 
As many recent technologies are designed to be simple and easy to adapt for users, such as MOOCs 
in the field of e-learning, the relevance of perceived ease of use may not follow empirical evidence. 
Hence research investigating the effect of perceived ease of use with regards to complexity may be a 
valuable topic with regards to improving the effectiveness of the TAM. 
 Other areas that could be further investigated include looking into more detail about what 
types of word of mouth effects self-efficacy in relation to technological acceptance. This paper only 
focuses on word of mouth between people with close ties to each other such as family and peers as a 
single factor, therefore, focusing on the magnitude of the effects from different people, as was 
investigated by Cheung and Vogel (2013) with regards to subjective norms, may also pinpoint 
personnel which could be focused on to influence increased confidence of using e-learning.  
Additionally, as Thailand is well-known for heavy use of social media, ranking 4
th
 in time 
spent on social media per day at 3 hours and 10 minutes per day (Kemp, 2017), looking at sources 
other than people within an individual’s social circle, such as online or virtual word of mouth (Parry, 
Kawakami, & Kishiya, 2012) could be an area to focus in the future as more electronic word of 
mouth content regarding Thai MOOC is created. 
 Considering factors that contribute to e-learning success in developing countries also 
includes a course design aspect (Bhuasiri et al., 2012), it may be valuable to consider future research 
investigating what factors within the course design of MOOCs influence perceived usefulness. This 
could lead to better development of courses suited to the needs of the Thai population and can lead 
to improving acceptance of MOOCs in the future. Additionally, it may be also valuable to consider 
factors outside of the content and their influence on perceived usefulness such as how being able to 
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use MOOCs to fulfill university credits influence student’s perceived usefulness. 
 Finally, exploration of similar studies with different samples would also be valuable for 
future expansion of online courses. Since the sample in this paper coincides with those who are 
potentially early adapters of innovation (Everett, 1995), there is no explanation for the potential 
differences in acceptance for people which characteristics of late adopters. Therefore, it may also be 
relevant to conduct studies for people who are potentially late adapters as well. In addition, 
cross-country studies for countries with similar characteristics but are already more involved with 
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Word of Mouth adapted from Parry, M. E., Kawakami, T., & Kishiya, K. (2012). 
 I hear good things about [Product] from the people around me, including friends, family, and 
colleagues. 
 When I want to learn or revise, people around me often recommend [Product] 
 People around me have recommended [Product] before 
 
Self-Efficacy adapted from Park (2009) 
 I feel confident finding information in the e-learning system 
 I have the necessary skills for using an e-learning system 
 
Perceived Ease of Use adapted from Davis, F. D. (1989) 
 I find [Product] easy to use 
 I find [Product] flexible to interact with 
 Learning to use [Product] would be easy for me 
 
Perceived Usefulness adapted from Davis, F. D. (1989) 
 Using [Product] would help improve my performance 
 Using [Product] would increase my productivity 
 I would find [Product] useful for completing my tasks 
 
Behavioral Intent adapted from Parry, M. E., Kawakami, T., & Kishiya, K. (2012). 
 How likely are you going to use [Product] in the next 6 months? 




APPENDIX B: SURVEY QUESTION FULL-LIST 
 
Variable Wording  References 
Age Which of the categories below include your age?  
 
Gender Are you Male or Female?   
Education Level What is the highest level of school you have completed or the highest degree you have received?   
Subjective Social Class Think of this ladder as representing where people stand in Thailand. At the top of the ladder are the people 
who are best off - those who have the most education and the most respected jobs. At the bottom are the 
people who are the worst off - who have the least money, least education, and the least respected jobs or no 
job. The higher up you are on this ladder, the closer you are to the people at the very top; the lower you are the 
closer you are to the people at the very bottom. Where would you place yourself on this ladder? 
 
Adler, N., & Stewart, J. (2007). The MacArthur scale of 
subjective social status.  
Technology Usage How many hours do you spend on devices with access to the internet per day?   
User Have you ever used [Product]?   
 Do you consider yourself a heavy user?   
Perceived Ease of Use I find [Product] easy to use  
Davis, F. D. (1989). Perceived Usefulness, Perceived 
Ease of Use, and User Acceptance of Information 
Technology. MIS Quarterly, 319-340. 
 I find [Product] flexible to interact with  
 Learning to use [Product] would be easy for me  
Perceived Usefulness Using [Product] would help improve my performance  
Davis, F. D. (1989). Perceived Usefulness, Perceived 
Ease of Use, and User Acceptance of Information 
Technology. MIS Quarterly, 319-340. 
 Using [Product] would increase my productivity  
 I would find [Product] useful for completing my tasks  
Attitudes Towards Using Studying through [Product] is a good idea  
Park, S. Y. (2009). An Analysis of the Technology 
Acceptance Model in Understanding University 
Students’ Behavioral Intention to Use e-Learning. 
Educational Technology & Society, 150-162. 
 Studying through [Product] is a wise idea  
 I am positive towards studying through [Product]  
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Variable Wording  References 
Behavioral Intention How likely are you going to use [Product] in the next 6 months?  
Parry, M. E., Kawakami, T., & Kishiya, K. (2012). The 
Effect of Personal and Virtual Word-of-Mouth on 
Technology Acceptance. Product Development & 
Management Association, 952-966. 
 It is very likely that I am going to use [Product] in the next 6 months?  
Personal Word of Mouth I hear good things about [Product] from the people around me, including friends, family, and colleagues.  
Parry, M. E., Kawakami, T., & Kishiya, K. (2012). The 
Effect of Personal and Virtual Word-of-Mouth on 
Technology Acceptance. Product Development & 
Management Association, 952-966. 
 When I want to learn or revise, people around me often recommend [Product]  
 People around me have recommended [Product] before  
Virtual Word of Mouth I find information on [Product] from blogs and user websites  
Parry, M. E., Kawakami, T., & Kishiya, K. (2012). The 
Effect of Personal and Virtual Word-of-Mouth on 
Technology Acceptance. Product Development & 
Management Association, 952-966. 
 I consult websites of people using [Product] for opinions on the product  
 I visit websites and online reviews to help me find [Product] relevant to me  
Self-Efficacy I feel confident in finding relevant [Product] online  
Park, S. Y. (2009). An Analysis of the Technology 
Acceptance Model in Understanding University 
Students’ Behavioral Intention to Use e-Learning. 
Educational Technology & Society, 150-162. 
 I have the necessary skills to use [Product]  
 
